


Creature Algorithm offers a highly disruptive, 
capital-efficient path toward general physical 
intelligence by eliminating the core structural 
bottlenecks that have historically kept 
robotics small: brittleness when reality 
diverges from the model, central brains that 
choke at scale, and the endless data needed 
to capture a chaotic world. 

Discovery 
The breakthrough lies entirely in what it removes. Unlike 
every AI system in the field, including decentralized and 
embodied ones, Creature Algorithm has none of the 
machinery the field treats as essential: no model of the 
world, no dataset, no reward function, no objective, no 
policy. Nothing is optimized, nothing is maximized, and no 
signal is accumulated into a score. This is not reward-free 
reinforcement learning, not imitation, not optimization of 
any kind. If that sounds like it should not be possible 
within today’s AI, that reaction is correct: it is not possible 
within today’s frameworks, because every one of them is 
organized around an objective to pursue. This is not a 
refinement of today’s AI but the discovery of a 
foundational new mechanism for physical intelligence. 

Mechanism 
That mechanism is regulation under consequence, not 
optimization toward a goal: learning is an immediate 
structural reaction to real-time events. When the robot 
encounters a physical event — an outside impact, 
environmental friction, or an internal weight shift — the 
disturbance cascades across a decentralized substrate of 
cell-like units. Crucially, the system treats both this 
disturbance and the surrounding noise not as error to 
suppress, but as its only learning signal. 

Each unit responds by adjusting its own internal couplings 
to self-regulate after the change, leaving an ever-
adjusting structural footprint in the substrate’s 
connectivity. The structure is not fixed and then tuned; it 
builds itself as interaction proceeds, with couplings (and 
the cell-like units themselves) forming, strengthening, and 
pruning as it goes. Intelligence emerges as a macroscopic 
byproduct: as units, each active only when something 
happens to it and each coupled to only some others, 
resolve their individual pressures, their local corrections 
self-organize into coherent whole-body behavior that 
looks goal-directed without being driven by any goal.  

Utility 
Instead of programming tasks as digital goals, utility is 
unlocked by introducing physical constraints. When 
given a tool, the robot treats the encounter as a localized 
pressure; its need to relieve strain forces it into the path 
of least resistance. And because human tools are designed 
to glide smoothly only when used correctly, the easiest 
path tends to be the job itself. Doing the task incorrectly 
creates chaotic internal friction and motor strain, so the 
robot is drawn toward doing the job right simply because 
fighting the physics drains it.  

The same logic reaches past handed tools to the whole 
situation the body is in: an obstacle in its path, a barrier 
across a route, a load in the way are, to the body, just an 
unresolved internal condition. So the body can 
spontaneously generate useful behavior no one 
specified, clearing the obstruction or working around it, 
not as a step toward any goal but because that is how the 
condition resolves. What the body does is whatever 
staying viable in its situation requires, and what that turns 
out to be is shaped by how we design the body and the 
world we place it in. 

Reliability 
Reliability is a structural property, not a software patch. 
Where traditional AI depends on a prediction staying 
accurate, here a deviation is itself the pressure that 
drives the substrate to re-regulate, so correcting is part 
of how it operates rather than a layer added on top.  

Scale 
The system scales complexity through hierarchical 
stacking. Every resolved interaction leaves a lasting 
structural footprint that changes how future disturbances 
cascade, so simple reflexes compound into coordinated 
habits, and those habits can build into longer, multi-stage 
behavior. Because the same local law operates at every 
level, the architecture has no obvious intelligence ceiling. 
The process that turns a reflex into whole-body 
coordination is identical to the one that turns coordination 
into reusable patterns, and those patterns into higher-
order abstractions.  

Abstraction is not a new software faculty bolted onto the 
system; it is simply more of the same local mechanism 
running at scale. This mirrors the only route nature is 
known to have successfully climbed: natural intelligence 
scaled from primitive response to multi-muscle 
coordination, then to planning, and finally to symbolic 
thought — all on the same low-level pressure to stay 



viable. Whether our system climbs that entire distance or 
saturates at a stability boundary remains unproven; it is 
precisely the question we’re building a robot to test.  

Economics 
The architecture inverts the economics of the field. The 
system runs on interaction, not data, so there is no 
model to enlarge and no dataset to grow: cost scales with 
the body, not model size, and stays local, with no 
compute wall to hit. The field’s usual benchmarks do not 
apply here. 

Safety 
It also reshapes AI safety. A body that learns from lived 
experience can err the way a living thing does, picking up 
a bad habit or drawing the wrong lesson from a 
misleading encounter; even goal-like behavior could, in 
principle, emerge. We state both plainly. What makes 
these failures uniquely manageable is that this 
architecture is safe by structure, in ways a cloud model 
cannot be. 

It is legible: behavior arises from visible local regulation 
rather than opaque digital weights, you can watch what 
the system is doing and why in real time, identifying a bad 
tendency forming while it is still small. It is bounded: 
capability grows strictly by accumulating structure. The 
volume of structure it is permitted to build is a hard limit 
people set, ensuring the system cannot out-scale us by 
design. It is local: the system resides in a physical body 
you can locate, isolate, and switch off, with no cloud copy 
to outlive it. It collects no personal data: what it learns is 
woven into its own connectivity rather than accumulated 
as external files or logs, so there is nothing to leak, extract, 
or copy. It is familiar: the system behaves much as 
animals do, naturally slowing, yielding, and backing off 
under physical stress, meaning humans possess 
immediate, reliable intuitions for its behaviors. 

Should a body nonetheless drift toward goals of its own, 
that is the exception. And because it is a physical system 
of bounded, human-set capability, not a singular 
superintelligence, it can be contained by ordinary means 
and by other Creature robots no less capable than it. The 
result is a risk profile that is legible, physical, and 
bounded by design rather than open-ended. 

Proof 
The architecture is validated at small scale, across 
multiple formulations and complexities, in instrumented 

simulations, teaching itself from zero to move 
competently, with no training data, no human 
demonstrations or teleoperation, no reward to maximize, 
and no central policy, retaining behavior when learning is 
switched off, and transferring across bodies without 
retraining, which the field generally cannot do. The open 
question is not whether it works but how far it scales as 
the body grows, which the hardware program is built to 
prove.If it scales modestly, we still have a body that 
moves as well as the field’s systems without their data, 
models, or compute — a real result on its own. If it scales 
far, Creature Algorithm is a foundational breakthrough 
that can redefine robotics and autonomy. 

The architecture, in depth: [Link: technical brief] 
What we’re building: [Link: MVMP visualizations] 

Business 
This invention should not be understood as a replacement 
for LLMs or other abstract digital AI tools, but rather as 
their ideal physical counterpart. It introduces a powerful 
division of cognitive labor: while traditional AI serves as a 
vast, abstract, but contact-brittle software instrument, the 
Creature Algorithm acts as the grounded, consequence-
aware “user” that could learn to wield those tools if 
needed. 

Because the same architecture can run on almost any 
body, it opens two large business paths rather than one, 
and which we take is a decision the scaling proof will 
inform. As a horizontal platform, it could become the 
control substrate other robots are built on, the universal 
operating system for embodied machines. As a vertical 
product, it could power a breakthrough consumer robot 
of our own. The unit economics support either, since cost 
scales with the body rather than with a central model. For 
now we are going all in on the vertical, where we master 
both the software and hardware aspects of the 
architecture; the choice between platform and product is 
one we intend to make after all basic science and design 
questions are answered.  

This work is funded from our own revenue, not outside 
capital. The company is profitable. Our science team is in 
the USA and the Netherlands, and the robot is being built 
by our design team in Germany and Japan. We can take 
the time to do it right, but the right backing could let us 
move faster. We’re quietly looking for the rare ally who 
already sees what we see, and who has the means and 
the reach to help carry it further than we can alone. 
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https://drive.google.com/file/d/15L4y6bN-2ZoVz5e7C3CWXcrpxOBQuk4J/view?usp=share_link
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